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ABSTRACT

Predicting a corporate default is essential to avoid failure in business operations. Default
is said as an unpredicted event that may cause a failure in paying debts on time. This
study aims to predict the default and non-default of corporations using Decision Tree
(DT), Random Forest (RF) and Gradient Boosted (GB) models. Not only that, the best
models used in predicting the corporate default are determined by using cross validation
on the models performance evaluation (classification). A sample of financial data of 24
Malaysian companies consisting of companies listed as Practice Note 17 (PN17) and
main market companies in the Bursa Malaysia board is used. The data is utilized to
estimate the prediction of the companies by using the KMV-Merton model. It is also used
to calculate variables such as Net Profit Margin, Cash Flows, Cash Coverage Ratio,
Current Ratio, GDP, Currency Rates and Volatility. Then, analysis is done on the
dependent and independent variable by using Rapidminer Studio Educational software.
As a result, the accuracy of RF is 84.17% which is the highest followed by the accuracy
of GB and DT is 79.17% and 75.83% respectively. Therefore, RF is the best model to use
for predicting default and non-default companies. This study encourages increasing the
use of machine learning models in default forecasting. Thus, It is recommended to
increase more data based on the most relevant independent variables that are used in the
study. Then, by using a combination of different machine learning models and software

can yield a better performance and improve the overall effectiveness of the models.



