
Journal of Computing Research and Innovation (JCRINN) Vol. 7 No.2 (2022) (pp245-258) 
https://jcrinn.com :  eISSN: 2600-8793 doi: 10.24191/jcrinn.v7i2.316 

 

 

Copyright© 2022 UiTM Press. This is an open access article licensed under CC BY-SA 

https://creativecommons.org/licenses/by-sa/4.0/ 
 

245 

 

 

A Goal Programming Approach for Frozen Food Production Planning 
 

Aishah Mahat1*, Norwahyu Mohd Zaki 2, Teoh Yeong Kin 3, Harshida Hasmy 4, Nur Intan Syafinaz Ahmad5 

 1,2,4,5 Faculty of Computer & Mathematical Sciences, Universiti Teknologi MARA Johor Branch, Pasir Gudang 

Campus, Johor Bahru, Malaysia  
3Faculty of Computer & Mathematical Sciences, Universiti Teknologi MARA Perlis Branch, Arau Campus, Perlis, 

Malaysia  

 

Corresponding author: * aishahmahat@uitm.edu.my 

Received Date: 30 August 2022 

Accepted Date: 24 September 2022 

Published Date:  30 September 2022 

 

 

HIGHLIGHTS 

 
● Lexicographic Goal Programming was used to develop models for food production planning in small 

and medium enterprise (SME). 

● The result was obtained using LINGO software.  

● The result was compared using available and other findings were reviewed.  

 

ABSTRACT  

This paper examines the Goal Programming (GP) approach in food production planning in order to further 

enhance and find better solutions. The objective of this paper is to determine the optimum level of frozen 

food production for small and medium enterprise (SME). Azali Frozen Food, a small and medium enterprise 

located in Penang was selected as it can produce a range of frozen foods throughout the country. The 

problem is handled through Lexicographic Goal Programming. The results are compared to the available 

data that was given and other findings were reviewed. The findings of this paper are expected to assist 

community small and medium enterprise and other decision makers involved in production planning. The 

developed method will also be of use for those who are interested in the model of goal programming to 

solve complex planning issues involving uncertain parameters.  

 

Keywords: goal programming, small and medium enterprise, production planning 

 

INTRODUCTION  

A small and medium enterprise (SME) is defined as a company with fewer than 150 employees (Hassan & 

Ayop, 2012). It is considered as a business tool, as well as a source of employment and income. It is the 

biggest contributor to accomplishing the fundamental goals of any national economy, as well as an 

innovative and competitive power (Herman, 2012). A plan for determining production goals and estimating 

resources is known as production planning. To achieve these objectives, production planning is required in 

organisation’s process in order to get optimize production.  Production planning is an essential activity in 

any manufacturing system. It also entails allocating available resources to the required operations (Saidi-

Mehrabad, Paydar & Aalaei, 2013). Furthermore, it allows to create a detailed plan for achieving production 

goals in a cost-effective, efficient, and timely manner. Still, it also discovered that production planning is a 
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difficult task. For this reason, close collaboration between all units in any organisation is required (Hassan, 

Idris and Razman, 2013). The problem that companies frequently face when conducting production 

planning is optimizing more than one goal, so proper planning and a solution method to combine optimal 

solutions from incompatible factors are required. Georgios, Luis, and Micheal (2011).  

LITERATURE REVIEW  

According to Silva et al. (2013), GP is a multi-objective optimization technique. This technique is used by 

decision-makers to solve complex problems, as well as those committed to finding solutions that meet the 

multiple objectives (Shrivastava, Verma, and Sharman, 2013). Many recent research ideas for production 

planning using goal programming have been developed. Previously Setiawati and Arisya, 2018 optimized 

amount of three types of chocolate product in order to maximize the profit of the chocolate factory using 

goal programming. Kumar 2019 created pre-emptive priory weighted goal programming for a small-scale 

industry in Hyderabad that produces five bakery products. Meanwhile for clothing production, Anggraeni 

et al., (2015) used the goal programming method to determine how many clothing productions should be 

produced in order to achieve the best possible production results that are in line with the company's goals. 

In fact, according to (Hassan & Ayop, 2012) SME's can use the GP model to determine their production 

planning in order to meet the expanding demands of their markets. There is evidence stated that small and 

medium enterprise require the goal programming model to calculate their profits based on the use of their 

labour, machinery, and raw materials (Hassan et al., 2013). 

 

METHODOLOGY  

Goal Programming Approach 
 

GP can be used in solving multiple objectives. According to Chang and Lee, (2010) , it can be used to 

design the best overall optimal performance in a multi objective decision problem. The general GP as 

defined by Ignizio (1976) can be presented as  

Minimize lexicographically  

− +

=

= +
m

i i i i

i 1

z w P ( d d )
 

subject to  
n

ij j i i i

j 1

a x d d b− +

=

+ − =
 

j i ix ,d ,d 0− + 
 for all i and j 

iP represents the priority level assigned to each relevant goal in rank order. For example 1 2 nP P ... P  

and iw  are nonnegative constants representing the numerical weights associated with deviational variables, 

id −

and id +

corresponding goal, ib . The jx
 represents the decision variables for the items while ija

 

represents the decision variables coefficients.  
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Steps for Formulating Goal Programming Model 

There are a few important steps in order to create a GP model.  The step can be concluded as follows 

(Ahmad et al., 2005): 

Step 1: Determine decision variables. 

Step 2: Determine the aspirational levels of each objective. 

Step 3: Determine the deviational variables of each objective and each of the constraint. 

Step 4: Rank the goals of importance.  

Step 5: Setting the achievement functions. 

 
Proposed Method 
 

The proposed method is based on pre-emptive goal programming. The aim of this study is to construct a 

goal programming model that can be used in a real-life production situation in a small-medium industry. 

The data is collected from Azali Frozen Food in Penang.  The optimization aim is to maximize its daily sale 

profit of RM 330 per day, minimise overtime and staff, and maximizing machine utility. The procedure for 

a goal programming approach for frozen food production planning is summarized as in Figure 1. 
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Figure 1: Flowchart of Goal Programming Approach for Frozen Food Production Planning 

 
 
 
 
 
 
 
 
 
 

https://jcrinn.com/
https://creativecommons.org/licenses/by-sa/4.0/


Journal of Computing Research and Innovation (JCRINN) Vol. 7 No.2 (2022) (pp245-258) 
https://jcrinn.com :  eISSN: 2600-8793 doi: 10.24191/jcrinn.v7i2.316 

 

 

Copyright© 2022 UiTM Press. This is an open access article licensed under CC BY-SA 

https://creativecommons.org/licenses/by-sa/4.0/ 
 

249 

 

IMPLEMENTATION 

There are a few things that need to be considered before build the model depend on the steps taken in the 

goal programming formulation. Thus, this model is developed with three decision variables, 17 hard 

constraints, three goals, three aspirational levels and two priorities. All these factors need to be considered. 

The data were collected from person in charge at Azali Frozen Food which located in Penang. 

Table 1: Decision Variables 

Notation Decision variable 

1Q  
Number of murtabak 

2Q  
Number of samosa 

3Q
 

Number of cucur badak 

 

Table 2: Ingredient for Each Product  

Symbol Data Value (gram) 

1δ  
Quantities of flour to murtabak 20 

2δ  
Quantities of flour to cucur 

badak 

4.6 

1β  
Quantities of onion to 

murtabak 

37.5 

2  
Quantities of onion to samosa 2.3 

1Α  
Quantities of eggs to murtabak 25 

1Ο  
Quantities of meat to murtabak 8 

1  
Quantities of chicken to 

murtabak 

8 

1Β  
Quantities of potatoes to 

murtabak 

10 

2Β  
Quantities of potatoes to 

samosa 

6.5 

3Β  
Quantities of potatoes to cucur 

badak 

8 

1Η  
Quantities of sugar to murtabak 5 
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2Η  

3Η  
 

1  

1  
 

 

1Ν  
 

 

1Ρ  

2Ρ  

3Ρ  
 

1Τ  
 

 

1Χ  

1Υ  

2Υ  

3Υ  

Quantities of sugar to samosa 

Quantities of sugar to cucur 

badak 

Quantities of carrot to samosa 

Quantities of coconut to cucur 

badak 

Quantities of prawn to cucur 

badak 

Quantities of spice to murtabak 

Quantities of spice to samosa 

Quantities of spice to cucur 

badak 

Quantities of spring roll pastry  

to samosa 

Quantities of oil to cucur badak 

Quantities of salt to murtabak 

Quantities of salt to samosa 

Quantities of salt to cucur 

badak 

4.7 

1.5 

 

0.6 

4.4 

 

0.37 

 

6.25 

5.9 

1.8 

 

4.2 

 

2.2 

1.25 

1.25 

1.25 

 

Table 3: Profit of Each Product 

Symbol  Total profit Profit (RM) 

1λ  
Murtabak 0.20 

2λ  
Samosa 0.10 

3λ  
Cucur badak 0.10 
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Table 4: Raw Materials Per Day 

Symbol Data Total available per day (gram) 

1θ  
Flour 45000 

2θ  
Onion 60000 

3θ  
Eggs 2500 

5θ  
Meat 6400 

6θ  
Potatoes 31500 

7θ  
Carrot 1000 

8θ  
Sugar 16000 

9θ  
Coconut 12000 

10θ
 

Prawn 1000 

11θ  
Spice 25000 

12θ  
Spring roll pastry 3500 

13θ
 

Oil 6000 

14θ  
Salt 4000 

 

Table 5: Time Taken to Produce for Each Product 

Symbol Data  Minutes  

1  
Time taken for labour to 

produce murtabak 

0.125 

2  
Time taken for labour to 

produce samosa 

0.5 

3  
Time taken for labour to 

produce cucur badak 

0.13 

1  
Time taken for machine to 

produce murtabak 

0.175 

2  
Time taken for machine to 

produce samosa 

0.006 

3  
Time taken for machine to 

produce cucur badak 

0.044 
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Hard Constraints 
 
1) Total quantities of flour to murtabak and flour to cucur badak are not less than 45000g.  

 
1

2

1

 
=

i
i

iQ
 

 450002211 + QQ                       (1) 

2) Total quantities of onion to murtabak and onion to samosa are not less than 60000g.  

 
2

2

1

 
=

i
i

iQ
 

 600002211 + QQ                       (2) 
3) Total quantities of eggs to murtabak are not less than 2500g 

 250011 Q                                  (3) 

4) Total quantities of chicken to murtabak are not less than 6400g. 

 640011 Qω                       (4) 

5) Total quantities of meat to murtabak are not less than 6400g. 

 640011 Q                       (5) 

6) Total quantities of potatoes to murtabak, potatoes to samosa and potatoes to cucur badak are not 

less than 31500g. 

 
6

3

1

 
=

i
i

iQ
 

  31500332211 ++ QQQ                                 (6) 

7) Total quantities of carrot to samosa are not less than 1000g. 

 100021 Q                       (7) 

8) Total quantities of sugar to murtabak, sugar to samosa and sugar to cucur badak are not less than 

16000g. 

  
8

3

1

 
=

i
i

iQ
 

 16000332211 ++ QQQ                     (8) 

9) Total quantities of coconut to cucur badak are not less than 12000g. 

 1200031 Q                          (9) 

10) Total quantities of prawn to cucur badak are not less than 1000g.  

 100031 Q                     (10) 
11) Total quantities of spice to murtabak, spice to samosa and spice to cucur badak are not less than 

25000g. 
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11

3

1

 
=

i
i

iQ
 

25000332211 ++ QQQ                     (11) 

12) Total quantities of spring roll pastry to samosa are not less than 3500g. 

 350021 Q                      (12) 

13) Total quantity of oil to cucur badak are not less than 6000g. 

 600031 Q                                    (13) 

14) Total quantity of salt to murtabak, salt to samosa and salt to cucur badak are not less than 4000g. 

 
14

3

1

 
=

i
i

iQ
 

 4000332211 ++ QQQ                   (14) 

15) The amount of murtabak required must be at least 74 pieces. 

 741 Q               (15)  

16) The amount of samosa required must be at least 500 pieces. 

 5002 Q               (16) 

17) The amount of cucur badak required must be at least 2600 pieces. 

 26003 Q               (17) 

 

The Goals 

 
There are three goals in this problem. The purpose of these goals are to present the decision maker’s 

requirement. 

1) Total profit desired in this company are RM330 per day.  

The total profits are taken from profit of murtabak, samosa and cucur badak gained per day is 

RM330.   

330
3

1


=

i
i

iQ
 

                                                      (18) 

 

2) Minimize the overtime per staff per day is 601 minutes. There are eight staff who work in this 

company.   

601
3

1


=

i
i

iQ
 

601332211 ++ QQQ                                                                                     (19) 

 

330332211 ++ QQQ 
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3) Maximize the usage of machine per day is 134 minutes. This is the time taken of the usage of 

machine for murtabak, samosa and cucur badak.  

134
3

1


=

i
i

iQ
 

134332211 ++ QQQ                                                                                        (20) 

 
 
 
 
 
Aspirational Levels 

 
In this problem, aspirational levels are determined based on the frozen food’s company requirement. It 

should be combined with the objective functions to develop the goals. 

There are three aspirational levels as follows: 

 

1) First aspirational level 

The total profit desired in this company is RM330. In this research, first aspirational level is based 

on the first objective which is as follow: 

  
330

3

1


=

i
i

iQ
 

 

2) Second aspirational level 

The overtime per staff per day is 601 minutes. Therefore, in this research, the second aspirational 

level is based on the second objective which is as follow: 

601
3

1


=

i
i

iQ
 

 

3) Third aspirational level 

The usage of machine per day is 134 minutes. In this research, third aspirational level is based on 

third objective which is as follow:  

134
3

1


=

i
i

iQ
 

 
Priority Structures 
 
The priority structures: 

1) First priorities ( 1 ) 

In this research, the first priority is based on the first goal and this will result in the achievement 

function. It can be obtained as follow: 

Minimum 11 n=  
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2) Second priorities ( 2 ) 

In this research, the second priorities are based on the second goals and third goals and this will 

result in the achievement function. It can be obtained as follow:  

Minimum 322 np +=  

 
Achievement Function 
 
Goals are formed from combination of objective function and the aspirational level and will conclude into 

achievement function. 

The achievement function is:  

Minimization = [ )(),( 32211 npn + ] 

 

RESULTS AND DISCUSSION 

Results Discussion 
 
Based on the result obtained using LINGO 13.0, all the objectives and goals are achieved. A goal that is 

met will depend on the deviational variables. If the value of deviational variable or priority level gives zero 

value and meet the prescribed deviational variable, thus the goal is met. To obtain the goal, all the 

deviational variables must be reviewed on each of the objectives. Table 6 below shows the result. 

 

Table 6: Summary of the Complete Results 

Results of deviational 

variables 

Deviational variables Priorities Goal achievement 

1Q =100 1n =0 1 =0 
Fully achieved 

2Q =500 2n =0.5 2 =0 
Fully achieved 

3Q =2600 3n =0 
  

 
1p =0 

  

 
2p =0 

  

 
3p =0.9 

  

 

In the first priority level, negative and positive deviational variables represented symbols 1n  and 1p  in 

computer programming. The goal for the first priority level is to obtain at least RM330. From the table 6, 

the objective function for the first priority is zero which is 0n1 = . Thus, the first priority, 1  is achieved 

and the first objective is met. For the second priority, there are two deviational variable for negative 

deviation variable and two positive deviation variables which represent 2n , 3n , 2p  and 3p . There are two 

goals for the second objective which are minimizing overtime and maximizing the utility of machines used 

in the frozen food production planning. Both goals are placed in the same level because it based on the 
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decision maker and it also has the same unit measure which is in minutes. The objective functions show 

that the value for 2p and 3n  are zero as shown in the table above. The negative variable, 2n  give the value 

0.5 minutes. The value stated shown that it is less about 0.5 minutes in order to achieve the goal. The 

variable that should be minimized in this objective function is 2p .  While the positive variable for 3p  is 

0.9 minutes and the result obtained is more than 0.9 minutes in achieving the desired goal. In addition, 3n
 

is the variable that should be minimized in order to achieve the goals. As a result, it is shown that both goals 

have been achieved. In overall, the results obtained are fully achieved for first and second priorities. Thus, 

the objectives and the goals of this research are achieved in order to get the optimum solution. 

 
 
 
 
 
 
 
 
 
Comparison Results 

 
Table 7: Comparison Results 

Symbol Type of variable Original data Optimum value 

1Q  
Number of 

murtabak 

150 100 

2Q  
Number of 

samosa 

840 500 

3Q  
Number of cucur 

badak 

2600 2600 

 

Table 7 shows that the comparison result between the original data and the optimum value calculated from 

LINGO 13.0. The solution shows that the number of murtabak and the number of samosa are exceed the 

optimum level which are 50 pieces for the number of murtabak and 340 pieces for the number of samosa 

whereas the number of cucur badak is in the optimum level which is 2600 pieces. This solution can be 

expected to help in the planning of frozen food production in order to achieve the necessary target. 

 

CONCLUSION 

In conclusion, goal programming is a suitable technique used in optimizing food production planning. Sinha 

and Sen (2011) concluded that the goal programming model (GP) is a powerful tool that draws upon highly 

developed and tested approaches in linear programming, whereas Babic and Peric (2011) argued that the 

GP has demonstrated as an useful procedure in finding the optimal solution. Furthermore, based on 

available resources, this model can help increase food production for small and medium enterprise. A 

similar methodology could be utilized by other SMEs or industries for future planning. 

 

 

https://jcrinn.com/
https://creativecommons.org/licenses/by-sa/4.0/


Journal of Computing Research and Innovation (JCRINN) Vol. 7 No.2 (2022) (pp245-258) 
https://jcrinn.com :  eISSN: 2600-8793 doi: 10.24191/jcrinn.v7i2.316 

 

 

Copyright© 2022 UiTM Press. This is an open access article licensed under CC BY-SA 

https://creativecommons.org/licenses/by-sa/4.0/ 
 

257 

 

ACKNOWLEDGMENTS 
 
Special thanks to UiTM Johor Branch, Pasir Gudang Campus. 

 
 

CONFLICT OF INTEREST DISCLOSURE 

All authors declared that they have no conflicts of interest to disclose. 

 

 

REFERENCES 

Ahmad, H.M., Adnan, R., Daud, M.Z., & Kong, C. (2005). A goal programming approach for the problems 

analyzed using the method of least squares. Universiti Teknologi Malaysia. 

 

Anggraeni, W., Vinarti, R. A., Tyasnurita, R., & Permatasari, J. (2015). Production Planning Optimization 

Using Goal Programming Method in Habibah Busana. Journal of Advanced Management Science, 

270–275. https://doi.org/10.12720/joams.3.4.270-275 

 

Babic, Z. & Peric, T.(2011). Optimization of livestock feed blend by use goal programming, Int. 

J.Production Economic, 130, (2011), 218-223. 

 

Chang. YC, & Lee, N.A. Multiobjective goal programming airport selection model for low cost carriers 

networks. (2010). Transportation Research Part E: Logistics and Transportation Review. 46(5) 

 

Georgios, M.K., P., & Micheal, C.G. (2011). Resource-constrained production planning in semicontinuous 

food industries. Computer and Chemical Engineering, 35, 2929–2944.  

 

Hassan, N., & Ayop, Z. (2012). A goal programming approach for food product distribution of Small and 

medium enterprise. Advanced in Environmental Biology, 6(2), 510–513.  

 

Hassan, N., Idris, N. S., & Razman, N. F. (2013). A goal programming model for bakery production. 

Advanced in Environmental Biology, 7(1), 187–190.  

 

Herman, E. (2012). SMEs and their effect on the Romanian employment. Procedia Economics and Finance, 

3(12), 290–297.  

 

Ignizio, J.P. (1976). Goal Programming and extensions. Health, Lexington Books.  

 

Kumar, P. P. (2019). Goal Programming Through Bakery Production. International Journal Of Scientific 

& Technology Research, 8(10). www.ijstr.org 

 

Saidi-Mehrabad, M., Paydar, M. M., & Aalaei, A. (2013). Production planning and worker training in 

dynamic manufacturing systems. Journal of Manufacturing Syestems, 32, 308–314. 

 

Setiawati, L., & Arisya, A. (2018). Optimization of Production Planning Using Goal Programming 

Approach at Chocolate Factory. MATEC Web of Conferences 248. 

https://doi.org/10.1051/matecconf/2018248030 

https://jcrinn.com/
https://creativecommons.org/licenses/by-sa/4.0/
https://doi.org/10.12720/joams.3.4.270-275


Journal of Computing Research and Innovation (JCRINN) Vol. 7 No.2 (2022) (pp245-258) 
https://jcrinn.com :  eISSN: 2600-8793 doi: 10.24191/jcrinn.v7i2.316 

 

 

Copyright© 2022 UiTM Press. This is an open access article licensed under CC BY-SA 

https://creativecommons.org/licenses/by-sa/4.0/ 
 

258 

 

 

Shrivastava, R., Verma, A., & Sharman, M. (2013). Goal programming with utility function for academic 

resource allocation useful in getting affiliation. International Journal of Mathematical Archive, 

4(2), 266–269.  

 

Sinha.B,& Sen.N. (2011). Goal Programming approach to tea industry of Barak Valley of Assam, Applied 

Mathematical Sciences, 5, (2011), 1409-1419.  

 

Silva, A. F. da, Marins, S. F. A., & Barra Montevechi, J. A. (2013). Multi-choice mixed integer goal 

programming optimization for real problems in a sugar and ethanol milling company. Applied 

Mathematical Modelling, 37(9), 6146–6162.  

 

 

 

https://jcrinn.com/
https://creativecommons.org/licenses/by-sa/4.0/

