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ABSTRACT

This study explored the role of Artificial Intelligence (AI) in transforming 
Human Resource Management (HRM). By systematically reviewing a 
wide range of literature, this study highlighted both the potential benefits 
and challenges associated with AI in HRM. From an initial collection 
of 983 articles, we focused on 91 key studies that provided in-depth 
insights into AI’s impact on HR functions such as recruitment, employee 
integration, career management, payroll, and compensation. While AI has 
the capacity to significantly enhance these functions, its integration also 
raises important issues, including ethical concerns, biases, data privacy, 
and the need for extensive employee training and reskilling. This review 
underscores the importance of balancing technological innovation with 
ethical considerations and employee well-being. By offering practical 
insights and suggesting directions for future research, this study aimed 
to assist HR practitioners and researchers in effectively leveraging AI to 
improve organizational performance and employee satisfaction.
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INTRODUCTION

The onset of a new industrial revolution is anticipated to significantly impact 
industries worldwide. This era marks a convergence between the physical 
and digital worlds, integrating advanced technologies such as artificial 
intelligence, speech recognition, the Internet of Things, and virtual reality 
to foster automation and augment human-machine interactions (Ferreira 
et al., 2020).  These technological deployments have revolutionized 
business operations locally and globally, transforming work design, worker 
engagement, and workplace processes (Duggan et al., 2020). AI and other 
intelligent applications enable machines to autonomously collect and 
analyze data, perform decision-making, and solve problems, thus enhancing 
task performance and efficiency (Krogh, 2018). AI is poised to revolutionize 
business management and significantly impact employees’ roles, particularly 
in human resources and employment. 

AI in HRM integration has generated significant academic interest, 
as reflected in numerous studies across HRM, information technology, 
general management, and international management journals (Basu et al., 
2023; Malik et al., 2023; Chowdhury et al., 2023; Kambur & Yildirim, 
2022; Mauro et al., 2018; Kaushal et al., 2021; Stone et al., 2024). This 
multidisciplinary approach is crucial for understanding the solutions and 
challenges of integrating AI into HRM functions. Scholars are increasingly 
debating AI applications for improving HRM practices, including talent 
procurement, evaluation, retention, and training (Kervenoael et al., 2020). 
Although, existing literature explores two primary outcomes: performance 
indicators impacting organizational functioning and reactive outcomes 
focusing on employee concerns, such as job security (Mesgari & Okoli, 
2019). There are significant concerns about the potential negative effects 
of AI on employment and societal values (Charlwood & Guenole, 2022). 
Failing to address these issues may result in higher staff turnover, lower 
job satisfaction, diminished customer satisfaction, increased expenses, and 
adverse impacts on performance and reputation (Li et al., 2019).

Recent studies indicate that firms often encounter challenges 
when incorporating AI into their operations, such as resistance from HR 
professionals, small data sets, accountability issues, and ethical and legal 
concerns (Abasaheb et al., 2024; Mikalef & Gupta, 2021). For example, 
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AI systems though highly efficient, face challenges such as perpetuating 
biases from their training data, potentially leading to unfair recruitment 
outcomes and biased performance evaluations (Aguinis et al., 2024). 
Additionally, data privacy concerns are prominent, as AI systems rely 
on vast amounts of personal data to function effectively, making them 
vulnerable to security breaches and privacy violations (Dima et al., 2024). 
Furthermore, implementing AI solutions requires significant technical 
expertise and infrastructure, which can be a challenge for organizations 
without the necessary resources (Wang et al., 2024). However, there is a 
research gap concerning AI’s efficacy in HRM and a limited understanding 
of how automation influences employees, their work outcomes, and overall 
organizational results (Castellacci & Viñas-Bardolet, 2019).

Despite these challenges, AI improves efficiency in HR processes by 
automating routine tasks such as recruitment, onboarding, and employee 
training, enabling HR professionals to focus on strategic decision-making 
and workforce planning (Jia & Hou, 2024). It enhances workforce 
management by accurately predicting turnover and absenteeism, enabling 
HR departments to allocate resources more efficiently (Dima et al., 2024). 
AI also helps reduce human bias in hiring processes, promoting greater 
diversity and inclusion within organizations (Abasaheb et al., 2024). 
Furthermore, AI-driven tools like generative chatbots provide real-time 
feedback and personalized learning, allowing for immediate adjustments 
when employees encounter difficulties, ensuring continuous learning 
improvement, which leads to significant cost and time savings and improves 
employee engagement and overall retention (Ferraro et al., 2024; Nawaz 
et al., 2024).

To address these gaps, a bibliometric analysis and systematic literature 
review (SLR) can provide insights into areas needing further exploration 
and potential research directions. This study extensively explored the 
implications of integrating AI in HRM, focusing on AI’s effects on HRM 
practices such as planning, recruitment, employee integration, career 
management, payroll, and compensation. The review aimed to uncover 
challenges and innovative opportunities in AI-enabled functions for both 
organizations and employees. The research sought to answer the following 
questions:
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1. What is the magnitude of the impact of AI on HR practices, and which 
practices have undergone the most significant changes? 

2. How do AI-driven automation tools affect employee and organizational 
outcomes globally, and what are the potential benefits and limitations 
of their use?

3. What are the primary shortcomings and constraints in the present AI-
enabled HRM literature, and which potential paths for future research 
can be identified?

This review aimed to investigate AI assimilation in HRM, contributing 
to current literature by addressing the impact of AI-driven tools on HRM 
practices. It emphasized the significance of Human-AI partnerships in 
achieving beneficial outcomes and enhancing employee performance. 
Through analyzing AI-related themes and their implications for HRM, 
this study offers several research propositions to guide future theoretical 
developments.

RESEARCH METHODOLOGY

This study explored two separate research strands, synthesizes the results, 
and identifies recurrent themes concerning the integration of AI in HRM. 
Relevant keywords and terms were initially identified to locate pertinent 
literature. A search algorithm was created in Scopus using keywords such 
as “Artificial Intelligence” and “Human Resource Management,” resulting 
in an initial dataset of 13,780 articles. The primary aim was to analyze this 
dataset to identify common keywords linking AI and HRM. VOSviewer 
was used to extract and analyze keywords based on their co-occurrence 
ratios, guiding the identification of final keywords for subsequent searches 
in the Scopus database.

The bibliometric and network analysis results provided a detailed 
overview of key terms and their interrelations, offering insights into 
prevalent research topics at the AI-HRM intersection. The review focused 
on the Scopus database and was restricted to articles published between 
2018 and 2024, with exceptions for particularly relevant earlier work.
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Figure 1: Co-occurrence Keywords Network Visualization 
(Source: Authors)

The network diagram in Figure 1 shows related terms to “Human 
Resource Management” such as “resource management”, “Human-
ai collaboration”, “Training”, “Employee performance”, “Ethics”, 
“recruitment”, “Talent acquisition”, “personnel selection”, and “Artificial 
intelligence” in diverse forms within the same group, includes keywords 
such as “data science”, “big data”, “chatbots”, “data mining”, “machine 
learning”, and “deep learning”. This configuration suggested a wide 
spectrum of research topics associated with the intersection of AI and HRM.

The search algorithm employed in this study was as follows: (“Human 
Resource Management” OR “HRM” OR “recruitment” OR “employee 
integration” OR “career management” OR “Human–AI collaboration” OR 
“Employee Training” OR “HR Planning”) AND (“Artificial Intelligence” 
OR “AI” OR “Machine Learning” OR “Deep Learning”) with filters for 
publication year (2018-2024), subject areas (BUSI, ECON), document types 
(articles), and language (English), generating 983 hits. Following established 
guidelines, an initial set of articles meeting the criteria was obtained.
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Duplicates were removed using the Bibliometrix R package, resulting in 936 

filtered records. Articles were then excluded based on relevance, leading to the 

evaluation of 812 articles for eligibility. From these, 343 articles were excluded for 

not being HRM-related, 89 for not addressing AI technology, and 298 for lacking 

demonstration on the prospects and challenges of implementing AI in HRM. 
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the systematic approach taken to ensure a robust and relevant sample for this study. 

ARTIFICIAL INTELLIGENCE IN HRM 

Recruitment and Selection Processes 

Figure 2: Selecting Articles for a Systematic Review: 
A Methodological Approach 

(Source: Authors)

Duplicates were removed using the Bibliometrix R package, resulting 
in 936 filtered records. Articles were then excluded based on relevance, 
leading to the evaluation of 812 articles for eligibility. From these, 343 
articles were excluded for not being HRM-related, 89 for not addressing 
AI technology, and 298 for lacking demonstration on the prospects and 
challenges of implementing AI in HRM. Ultimately, 82 studies were 
included in the systematic review. An additional 9 articles were identified 
from other relevant journals and conferences, culminating in a final sample 
of 91 papers. Figure 2 illustrates the process of article selection, highlighting 
the systematic approach taken to ensure a robust and relevant sample for 
this study.

ARTIFICIAL INTELLIGENCE IN HRM

Recruitment and Selection Processes

Recruiting and keeping a highly skilled workforce is a key goal for 
HR departments. In recent years, AI-enabled recruitment tools have become 
valuable assets in various hiring activities, including resume screening 
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and automated responses. The ability of AI to process data, make quick 
decisions, and handle large datasets surpasses human capabilities, improving 
the identification of suitable candidates and the efficient communication 
of job vacancies (Esch et al., 2019). AI-driven tools, such as chatbots, 
natural language processing (NLP), and ML algorithms, has significantly 
improved the efficiency and accuracy of hiring processes (Hu, 2023). 
For instance, chatbots can handle the initial interactions with candidates, 
making the process quicker and more engaging, while ML go a step further 
by analyzing resumes and predicting the success of candidates based on 
past data. This creates a more dynamic hiring process, allowing companies 
to engage with candidates in a personalized and timely manner (Allal-
Cherif et al., 2021). Big companies like Unilever, Vodafone, PwC, and 
Oracle have experienced substantial improvements by integrating these 
AI technologies. They report a reduction in recruitment time by up to 90% 
and a 16% increase in workforce diversity. AI-powered chatbots enhance 
the candidate experience by offering real-time support, conducting initial 
interviews, and suggesting job opportunities that align with the candidates’ 
skills (Mariani & Dwivedi, 2024).

AI can also help make hiring fairer by removing unconscious biases 
and ensuring that candidates are judged on their skills and qualifications, 
which promotes a more diverse and inclusive workplace (Raveendra et 
al., 2020). Asynchronous video interviews are becoming more common, 
allowing candidates to record their responses at their convenience. This 
can make the process less stressful and more comfortable, reducing biases 
related to race and ethnicity (Koutsoumpis et al., 2024).

AI-Enabled HR Planning

Integrating AI in HR planning offers a strategic advantage by 
enhancing decision-making processes and optimizing scheduling. AI tools 
align labor demands with supply by analyzing parameters such as deadlines, 
real-time demand, historical occupancy, and client traffic (Mazurchenko & 
Maršíková, 2019). The primary goal of AI-driven planning is to generate 
on-demand and just-in-time schedules quickly and accurately, streamlining 
processes, ensuring efficient resource utilization, and enhancing operational 
flexibility by delegating scheduling tasks to algorithms (Parent-Rocheleau 
& Parker, 2022). 
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Effective strategic HR planning requires understanding an 
organization’s core competencies and potential skill gaps, which inform 
talent management strategies for optimal alignment of individuals with 
suitable positions (Malik A. , 2022). Identifying the right candidate for a 
job is a persistent challenge, but AI and automation have simplified this 
process by predicting future employee needs, aiding recruitment decisions, 
and aligning HR strategies with organizational goals to improve performance 
and competitive advantage (Zhang & Pan, 2022; Al-Khaled & Fenn, 2020). 

AI systems analyze large datasets to provide insights into employee 
career paths, performance trends, and training needs, helping HR 
professionals make informed decisions that enhance employee development 
and retention (Adiazmil. et al., 2024). This data-driven approach allows 
organizations to anticipate future workforce requirements and adapt their 
HR strategies. For example, the Fordful Carson Method (FCM) for human 
resource allocation, supported by AI, has improved accuracy and efficiency 
in resource scheduling, highlighting AI’s potential to transform HR practices 
(Zhang & Pan, 2022).

AI-Driven Payroll and Compensation Management

Compensation and benefits are pivotal in HR performance 
management, driving productivity and performance. According to a survey, 
60% of Generation Z respondents view money as the primary indicator of 
success, a sentiment shaped by their economic experiences like those of 
Baby Boomers (Aggarwal et al., 2022). AI-powered systems streamline 
HR tasks by managing leave requests, maintaining employee records, and 
automatically calculating salaries and taxes, thus saving time and enhancing 
accuracy by identifying payroll errors and ensuring compliance with 
regulations (Ghosh et al., 2024). These systems also track personal employee 
data, facilitating effective payroll management (Kambur & Yildirim, 2022 ). 

AI uses big data analytics to predict compensation trends, monitor 
labor market shifts, and adjust worker compensation based on performance, 
thereby motivating employees and aiding HR managers in designing 
equitable compensation plans (Pessach et al., 2020). For example, Google 
employs predictive algorithms for timely compensation adjustments, 
and UK banks explore multilevel modeling for regional talent attraction. 
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HelloWallet’s diagnostic algorithm compares employer-offered salaries 
with government data, offering valuable insights (Cheng & Hackett, 2021).

AI assists HR professionals in designing fair compensation systems 
while managing expenses efficiently (Hughes et al., 2019). To ensure 
impartial and ethical compensation, factors such as employee demographics 
(e.g., sex, age, race), job positions, and working hours must be considered 
when employing AI algorithms to determine employee pay. HR professionals 
should also train AI systems to enhance their accuracy and adherence to 
established metrics (Votto et al., 2021). This approach helps manage 
budgeting expenses fairly and meet the needs of both the organization and 
its employees (Ibrahim & László, 2020). 

AI-Driven Employee Turnover Prediction

In HRM scholarship, employee turnover behavior has elicited 
significant research in the form of turnover models aiming to predict turnover 
intentions (Coetzer et al., 2019; Sandhya & Sulphey, 2021). Our review 
revealed continued interest in this direction using ML-based algorithms. 
Researchers have used a wide range of factors to predict employee turnover: 
work-related factors such as number of promotions, hike in salary, last 
evaluation, time spent in the company, and working hours (Sisodia et al., 
2018), employee-related factors such as age, gender, native place, marital 
status (Rombaut & Guerry, 2018), and a combination of both (Srivastava, 
2018). ML analyze these variables to predict attrition, helping organizations 
identify high-risk employees and take proactive measures (Khera & Divya, 
2019).

AI models, including Decision Trees, Random Forest, Logistic 
Regression, Adaboost, and Gradient Boosting Classifiers, have been 
developed to predict employee turnover accurately. For example, a study 
utilizing the IBM HR Analytics Employee Attrition dataset demonstrated 
how these models could be trained and evaluated to predict which employees 
might leave the organization, thereby supporting the creation of effective 
retention strategies (Qutub et al., 2021). Extreme Gradient Boosting 
(XGBoost) has shown superior performance in handling noisy data from HR 
Information Systems. By applying XGBoost to data from a global retailer, 
researchers achieved higher accuracy in predicting employee turnover 
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compared to traditional classifiers. This model’s robustness against data 
noise makes it particularly effective for HR analytics (Jain & Nayyar, 2019).

Enhancing Workplace Quality of Life Through AI

Integrating technologies such as AI, robotics, and IoT in workplaces 
significantly boosts employee well-being and productivity by creating 
adaptive workspaces, improving human-machine interactions, and fostering 
supportive cultures. Addressing physical, psychological, and social factors 
enhances job satisfaction and reduces stress, leading to a more efficient 
work environment (Prabowo et al., 2023). 

Digital advancements enable large-scale data collection, offering 
insights into employee behavior and needs, which help create responsive 
work environments (Grootswagers, 2020). Sustainable work systems that 
prioritize human and social capital promote learning, motivation, and 
job satisfaction globally (Zink, 2014). Machine learning improves team 
management by automating recommendations and predicting performance 
based on characteristics and collaboration patterns, essential for managing 
virtual teams (Schönig et al., 2018). AI can also analyze sentiments and 
interaction patterns to enhance workplace dynamics and efficiency. Deep 
learning techniques predict stress levels from various data points, enabling 
timely stress mitigation interventions (Zhang & Qi, 2022).

Integrating AI as a leader’s assistant is important since leadership 
enhances workplace quality by modeling inclusive behaviors and 
encouraging team participation. A supportive environment where employees 
feel valued boosts engagement, performance while reducing social exclusion 
and reduced turnover intentions (Shore & Chung, 2023).

AI’s Role in Employee Training and Development

As technology evolves rapidly, it is imperative for employees to be 
up to date by learning and enhance their professional skills. According to 
the literature, AI provides more effective support for the development of 
employees, fostering more personalized and adaptable training, according 
to the request, the need, and the learning capacity of each employee (Chen, 
2023). HR managers are increasingly leveraging AI to deliver training 
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programs that are tailored to employees’ individual preferences, career 
objectives, personality traits, and work history. By integrating and tailoring 
data for employees, cognitive technology enhances decision-making 
capabilities, learning outcomes, collaboration, experimentation, and the 
dissemination of information, thereby fostering overall success. 

Change Management is crucial for the smooth adoption of AI-driven 
training systems, involving informed decision-making and proactive 
planning to facilitate transitions, reduce resistance, and create a supportive 
environment (Kim et al., 2020). A strong Learning Culture promotes 
continuous learning and experimentation, ensuring employees develop 
the necessary skills for using AI tools effectively (Bhatt & Muduli, 2023). 
While Human Resource Transformation aligns HR operations with business 
objectives, enhancing efficiency through better data collection, analysis, 
and reporting. This infrastructure supports advanced HR analytics and 
AI applications in training and development (Garg et al., 2022). Indeed, 
E-Learning Management (E-LM) systems utilize digital tools to design, 
deliver, and assess learning content, making training more effective and 
tailored to individual needs (Cegarra-Sánchez et al., 2018). 

AI-driven training uses personalized learning, generative AI 
mentorship, and adaptive learning systems to identify skill gaps and provide 
tailored recommendations, ensuring effective application of learned skills 
(Park, 2024). Also, it enhances training transfer effectiveness with robust pre- 
and post-training interventions, such as needs assessments and continuous 
evaluations, ensuring programs remain relevant. Furthermore, it can measure 
financial impact, guiding informed training investments (Sitzmanna & 
Weinhardt, 2019). Additionally, algorithmic control in the workplace uses 
sophisticated data collection and analysis for real-time feedback, task 
coordination, and personalized learning experiences, improving training 
transfer and employee development (Kellogg et al., 2020).

Employee Performance Analysis

Assessing employee performance is crucial across all organizational 
levels, from lower-tier staff to top management. HR departments prioritize 
this process to ensure comprehensive evaluations, identify high and low 
performers, and provide constructive feedback for professional growth. AI 
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technology has become a strategic tool in this domain, efficiently screening 
candidates and aligning their objectives with performance for more effective 
reviews (Abdeldayem & Aldulaimi, 2020). During goal setting, clear 
objectives and benchmarks are established, transforming HR managers into 
strategic decision-makers who lead training practices, oversee transfers, 
innovate methods, and analyze progress in real-time, providing prompt 
feedback (Chen, 2023).

AI tools enhance performance appraisals by collecting and analyzing 
data from multiple sources, giving a comprehensive view of employee 
performance. Companies like IBM use AI to monitor employee behavior 
and performance, offering real-time insights and areas for improvement. 
Tools like ChatGPT can summarize data to help supervisors give more 
informed feedback (Varma et al., 2024).

In Industry 5.0, AI boosts productivity by automating routine tasks, 
allowing employees to focus on strategic activities. Deloitte, for example, 
uses AI for productivity analytics to streamline operations. AI-driven systems 
analyze employee interactions and performance, providing feedback and 
facilitating continuous improvement (Joshi & Masih, 2023). Additionally, AI 
algorithms can autonomously determine job terminations, especially in the 
gig economy, and predict behaviors like attrition or fraud, enabling proactive 
issue resolution (Sima et al., 2019). Furthermore, Predictive analytics in 
HRM forecast future trends by analyzing productivity, engagement, and 
skill development metrics, aiding HR in making informed decisions and 
developing retention strategies (Khaled et al., 2022). AI tools also assess 
work patterns to predict absenteeism and refine productivity strategies. ML 
techniques, such as neural networks and random forests, predict employee 
performance by learning from data patterns, offering deep insights into 
performance factors (Obaidly et al., 2022).

In summary, AI is revolutionizing HRM by automating essential 
practices like recruitment, HR planning, employee training, and performance 
evaluations. Tools such as chatbots and ML algorithms enhance decision-
making, providing HR teams with data-driven insights for more informed 
and efficient decision-making. These innovations streamline administrative 
tasks, such as candidate screening and employee feedback collection, which 
reduces human error and saves time. This allows HR professionals to redirect 
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their efforts towards more strategic goals, including talent management and 
organizational development, ultimately boosting both operational efficiency 
and overall organizational performance.

CHALLENGES OF AI IN HRM

Ethical and Legal Challenges

Integration of AI in HR practices offers numerous benefits but also 
presents significant ethical and legal challenges, such as transparency, bias, 
explainability, and accountability. Addressing these issues requires clear 
ethical guidelines and legal frameworks (Varma et al., 2023). For instance, 
Amazon’s AI recruitment tool exhibited bias against women due to training 
data from predominantly male employees, highlighting the need for fair AI 
practices (Chang & Ke, 2023). Similarly, Unilever’s AI-driven recruitment 
system raised concerns about data privacy and fairness, underscoring the 
necessity for robust ethical frameworks (Bankins, 2021).

Organizations should ensure employees are informed about data 
collection, usage, and its impact on performance (Connelly et al., 2020). 
Open and transparent communication channels are vital to building trust 
and facilitating the effective use of AI systems in HRM. Ensuring the 
reliability and transparency of AI decisions, addressing potential biases, 
privacy concerns and obtaining informed consent from employees are 
crucial. Recent guidelines propose ethical principles like confidentiality, 
responsibility, well-being, safety, honesty, impartiality, and understandability 
to promote ethical AI practices in HRM (Fjeld et al., 2020). 

Ethical decision-making frameworks such as the Throughput Model 
and Two-Rule Method, focusing on “Do no harm” and “Do good,” help 
integrate ethical considerations into AI algorithms, ensuring ethical HRM 
strategies (Rodgers et al., 2023; Andrieux et al., 2024). Legal compliance 
with regulations like GDPR is essential to prevent data misuse and 
discrimination (Hamilton, 2022). Furthermore, CSR and ESG guide the 
responsible use of AI, promoting sustainability and aligning AI applications 
with human values (Chang & Ke, 2023). 
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Moreover, AI’s potential misuse in decision-making processes can lead 
to unfair treatment of employees and harm organizational justice principles 
(Hamilton, 2022). Continuous human oversight and ethical governance are 
essential to manage the risks associated with AI in HRM. Addressing these 
challenges requires a comprehensive strategy prioritizing transparency, 
mitigating biases, complying with legal standards, and applying ethical 
frameworks to guide AI development and deployment. These measures 
ensure that AI technologies adhere to societal and ethical standards while 
fostering sustainable organizational practices.

Challenges of Implementing AI in HRM

Besides the legal and regulatory challenges of integrating AI into 
HRM, there are additional challenges, such increasing in employee stress 
and reduced productivity due to fears of job threats, as well as negative 
attitudes and lack of trust towards AI and automation among managers 
and employees, which can hinder effective adoption (Raisch & Krakowski, 
2021). Managing these emotional and psychological impacts is crucial for 
fostering a conducive environment for AI integration.

AI technology is predicted to be integrated into 70% of business 
operations by 2030, highlighting the need for skilled professionals to adapt 
to technological advancements (Dwivedi et al., 2021). Privacy concerns 
arise from extensive monitoring of employee behavior and the processing 
of sensitive information (Gal et al., 2020). Reliance on algorithms can 
perpetuate biases and lead to unfair treatment of employees, with the 
lack of transparency complicating the understanding and challenging of 
AI decisions (Kim T. W., 2018). For instance, generative AI like GPT 
can generate misleading information, causing trust issues and potentially 
devaluing jobs by reducing the need for human oversight (Budhwar et al., 
2023). 

AI can displace traditional roles and create skill gaps, raising concerns 
about job displacement and the future of work (Radonjić et al., 2024). Trust 
and reliability issues are prominent when AI decisions are opaque, making 
human-AI collaboration risky. AI systems can make biased or unethical 
decisions without adequate oversight, complicating efforts to ensure fairness 
and accountability in HR processes (Panda et al., 2023). Biases may also 
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emerge from using small and non-representative datasets (Soleimani et 
al., 2022). Additionally, the risk of data security breaches increases as 
companies become more susceptible to potential data breaches (Malik et 
al., 2021). The lack of clear accountability can lead to ethical dilemmas 
and perpetuate biases, causing unfair treatment. Employees may struggle 
to understand or challenge AI decisions, leading to potential manipulation 
and unethical practices. Ensuring transparency and obtaining informed 
consent are challenging, as employees may not fully grasp how their data 
is used or the implications of AI-driven decisions (Langer & König, 2023).

Overall, the integration of AI in HRM presents several significant 
challenges, particularly resistance from HR professionals who may fear job 
displacement or lack trust in AI-driven decisions. Data privacy concerns are 
also heightened as AI systems require access to vast amounts of sensitive 
employee information, raising the risk of breaches or misuse. Additionally, 
algorithmic biases in decision-making pose ethical issues, particularly in 
recruitment and performance evaluations, where biased data can perpetuate 
unfair practices. Smaller organizations may also struggle with the high costs 
and technical expertise required to implement AI infrastructure effectively. 
Overcoming these challenges is crucial to ensure AI tools are deployed 
responsibly and deliver their full potential in transforming HR practices.

EFFECTS OF AI BASED HRM TOOLS ON 
ORGANIZATIONAL AND EMPLOYEE PERFORMANCE

Impact of AI-Driven HRM Tools on Employee Performance

Current research highlights that the introduction of AI-enabled HRM 
systems significantly impact both organizations and their employees. 
These technologies enhance job satisfaction, dedication, engagement, and 
involvement among employees, which, in turn, leads to improved overall 
performance (Azadeh et al., 2018). AI-enabled HRM systems automate 
laborious and repetitive tasks, allowing managers to focus on high-value 
activities that require specific skills and competencies (Pillai & Sivathanu, 
2020). Additionally, ML reduces errors, resulting in more informed decision-
making and better-processed information (Michailidis, 2018). However, 
despite the potential benefits, automated technologies can also negatively 
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impact employees. Improper deployment of AI applications in HRM can 
lead to increased turnover rates, anxiety, and job insecurity, especially 
for those with limited job mobility, due to the fear of being replaced by 
machines (Kong et al., 2021). Overusing technology can cause technostress, 
significantly affecting employees’ well-being (Malik et al., 2021).

A Critical Examination of The Business Outcomes  
of AI Integration in HRM

Previous research indicates that AI-enabled HRM can lead to various 
positive outcomes, including enhanced productivity, cost savings, improved 
operational efficiency, increased customer engagement and loyalty, and 
improved employee job satisfaction and experience (Botha, 2019). AI-
powered systems can be applied across numerous HRM sub-functions, 
such as recruitment, skill enhancement, performance evaluation, succession 
planning, and employee retention (Maity, 2019). By collecting and analyzing 
employee data, such as work experience, capabilities, and educational 
background, AI-powered HR software helps businesses achieve their 
strategic goals and thrive in a competitive environment (Singh & Malhotra, 
2020). Leveraging AI-driven HR analytics enables organizations to enhance 
workforce capabilities, support flexible working, improve performance 
measurement, and promote effective communication and interaction among 
employees (Michailidis, 2018).

However, despite the increasing implementation of AI in the 
workplace, the literature highlights potential negative business-level 
outcomes associated with AI adoption, including biased decision-making, 
discrimination, inaccurate recommendations, and slowed adoption rates 
(Davenport et al., 2020). There is also a lack of consensus on the types and 
significance of new job opportunities that will emerge, the impact on human 
workers’ responsibilities and roles, and the measures needed to manage this 
transition (Chowdhury et al., 2023). 

In brief, the impact of AI on HRM is multifaceted, offering both 
advantages and challenges. On the positive side, AI enhances operational 
efficiency, reduces human error, and promotes diversity by addressing biases 
in recruitment processes for example. However, there are contradictions in 
the literature, with some studies suggesting that AI systems can perpetuate 
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these biases if trained on flawed datasets. Moreover, while AI automation 
alleviates routine administrative tasks, it can reduce meaningful human 
interaction, potentially diminishing employee engagement. Ethical and 
legal concerns also emerge, particularly regarding data privacy and fairness, 
underscoring the need for careful and responsible implementation.

HUMAN-AI SYNERGY: A NEW ERA OF HRM

Human-AI collaboration transcends using AI merely as a tool or relying on 
social bots and digital assistants. AI can function as an effective teammate, 
aiding in complex problem-solving tasks such as problem definition, root 
cause analysis, solution evaluation, planning, and post-event evaluations 
(Seeber et al., 2020). Initially used to speed up production lines, AI now 
supports decision-making across various business domains, shaping the 
future of work and creating new job opportunities by freeing humans from 
repetitive tasks (Jaiswal et al., 2022). Organizations primarily deploy AI 
to enhance consistency, quality, and productivity (Makarius et al., 2020). 
Indeed, researchers suggest that augmenting humans with AI tools, rather 
than replacing them, can optimize organizational advantages, enabling 
humans and AI to work synergistically for optimal team performance  
(Jarrahi et al., 2023).

Collaborating with AI positively influences employees’ professional 
well-being, adaptability, and engagement in meaningful work. This 
partnership fosters collective intelligence strategies, enhancing performance 
and productivity (Brown et al., 2020).. In HR functions, this collaboration 
allows human and AI to leverage their strengths in business processes, 
resulting in more efficient and effective operations (Xia, 2023).This ensures 
that human insight and expertise remain integral to decision-making and 
strategy development. 

In recruitment and selection, AI automates repetitive tasks, such as 
initial candidate screening and job matching, while human recruiters focus 
on in-depth evaluations (Chen, 2023). In performance management, AI 
tracks employee data, aiding in data collection, sorting, report generation, 
analysis, and decision-making suggestions, which human managers use for 
feedback and coaching (Wu et al., 2023). For compensation and benefits, 
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AI-driven payroll systems manage payroll activities, analyze market data, 
calculate salaries, and formulate compensation recommendations, with final 
decisions made by human managers (Budhwar et al., 2022). 

Regarding employee engagement and retention, AI analyzes behavior 
through surveys to promote fair compensation and reduce turnover, while 
managers develop strategies to improve retention and employee experience 
(Mera & Srivastavab, 2023). AI enhances efficiency and predictive 
capabilities, but human labor remains essential for contextual decision-
making. This synergy between AI and humans improves outcomes and 
leverages AI’s strengths while maintaining the necessary human touch for 
tasks requiring social skills and contextual understanding, thus enhancing 
workplace quality of life (Das, 2023).

LIMITATIONS AND FUTURE RESEARCH DIRECTIONS

This study, rooted in a systematic review of AI applications in HRM, has 
several inherent limitations. Primarily, our review was confined to the 
Scopus database, while. This restriction may have led to the exclusion of 
important and emerging research from other databases and non-English 
sources, while it is recommended to utilize multiple databases beyond 
Scopus, including sources like Web of Science, conference proceedings, 
books, and other relevant literature. 

A critical focus should be on the operational transparency of AI 
systems and the decision-making processes they underpin, which often 
remain opaque to employees, raising significant ethical concerns. It is also 
crucial to investigate how effectively AI can contribute to hiring diverse 
talent and enhancing workforce diversity, while also developing strategies 
to mitigate the potential negative impacts of technological adaptation within 
HRM.

Understanding employees’ responses to AI integration in HR is vital. 
Exploring the feedback loop between AI-driven HRM applications and 
employees is necessary to mitigate adverse effects on the workplace. Future 
studies should focus on encouraging employee adoption and acceptance of 
AI technologies, examining factors that shape their perceptions and attitudes. 
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Additionally, Research should also delve into the changing workforce 
landscape, identifying new job types, necessary skills, and potential 
challenges. Developing strategies to manage AI’s impact on workers, such 
as reskilling and upskilling programs, employee engagement initiatives, and 
ethical guidelines for AI-enabled HRM systems, is imperative.

CONCLUSION

This research systematically reviewed the literature on the integration 
of AI in HRM, offering practical insights and future research directions. 
Articles published in leading journals from 2018 to 2024 were analyzed 
to provide a comprehensive understanding of how AI is transforming 
HRM. By focusing on major HR functions such as recruitment, training, 
performance management, and employee development, our review offers 
a nuanced perspective on AI’s impact in these areas. It makes several key 
contributions to the field of HRM. 

Firstly, it offers a comprehensive analysis linking AI with HRM, 
identifying, and analyzing key articles that discuss this nexus. Also, it 
offers both descriptive and thematic analyses of the literature, highlighting 
how AI is being utilized within different HR functions. This allows 
HR professionals to understand the diverse ways in which AI can be 
implemented to enhance their practices. Secondly, this study provides 
detailed insights and future research directions within these functions, with 
focus on specific HR practices. Finally, this study identified gaps in the 
current literature and suggests directions for future research. It recommends 
that future studies incorporating diverse databases and sources to capture a 
comprehensive understanding in this subject. Additionally, research should 
consider factors such as cultural diversity and specific organizational 
contexts to effectively integrate AI into HRM practices, address unique 
cultural challenges, investigate potential data security risks, and inform 
the design and implementation of AI systems to achieve common goals. It 
is also important to balance research on both positive and negative aspects 
of human-AI collaboration to better understand its impact on employee 
innovation and organizational commitment and investigate strategies for 
integrating AI in a way that enhances both organizational efficiency and 
employee well-being.
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