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Indigenous entrepreneurship has been an important part of the
Malaysian economy for centuries. It is a key factor in the economic
development of the country and is usually associated with traditional or
family-owned businesses. This article investigates the many forms of
indigenous entrepreneurs’ type of business and the gendered attitudes
influencing entrepreneurship. Traditional gender roles in indigenous
communities, such as males handling hunting, fishing, and trade, have
had a substantial influence on women's access to resources and business
prospects. Thus, it is essential to explore the gendered perspective of
indigenous entrepreneurship towards type of business classification that
are grouped into four categories namely food, non-food, retail and
service industry. WEKA software was used to analyze the dataset
downloaded from department of statistic of Malaysian government
database platform with 1000 instances and seven attributes. The findings
depicted that the major type of business dominated was retail industry
followed by food industry, service industry and non-food industry. Both
male and female dominate the similar type of business which refer to
retail industry. For food industry show similar patterns for both genders.
However, for non-food and service industry there was a bigger portion
for male as compared to female. The gendered perspective of indigenous
entrepreneurship, and the implications for the type of business that
indigenous entrepreneurs start, is an important factor to consider when
planning for economic development. By creating an environment that is
supportive of all types of businesses, the Malaysian government can
ensure that indigenous entrepreneurs are able to start businesses that can
contribute to the economic growth and development of the country.
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1. Introduction

Indigenous entrepreneurship plays an important role in the economic development of Malaysia. The
gendered perspective of indigenous entrepreneurship has been studied extensively in Malaysia. Studies
have found that women entrepreneurs tend to have different motivations than men when it comes to starting
businesses (Solesvik et al., 2019). For example, women are more likely to start businesses out of necessity
than out of opportunity, whereas men are more likely to be motivated by profits and financial gains (Jafari-
Sadeghi, 2020). This difference in motivations has implications for the type of businesses that these
entrepreneurs are likely to start. Studies have also found that women are more likely to start businesses that
are related to the care economy, such as childcare, home help services, and care for the elderly (Power,
2020). These types of businesses are often seen as “less lucrative” or “low-status” compared to businesses
in the manufacturing or technology sectors, which are traditionally dominated by male entrepreneurs
(Xheneti et al., 2019). This is because these care-related businesses are often viewed as “women’s work”
and are not seen as having the same potential for growth and financial returns as other types of businesses.

Indigenous entrepreneurship is a vital source of economic development in many countries worldwide.
Indigenous business models have been in existence for centuries, with traditional models focusing on barter
and trade, family and communal ownership, and sustainability and resource management (Ensign, 2023).
In recent years, modern indigenous business models have emerged, including incorporation and company
structures, social enterprise and impact investing, and partnerships and joint ventures (Morales et al., 2021).
However, indigenous entrepreneurs face numerous challenges, including historical and ongoing
colonization and marginalization, limited access to financial resources and business support, and cultural
and language barriers (Parhankangas & Colbourne, 2023). This paper explored the different types of
indigenous business types and the gendered perspective factors affecting indigenous entrepreneurship for
economic development. Indigenous entrepreneurship is defined as the entrepreneurial activity of
indigenous peoples, which is often based on the traditional knowledge and culture of the community
(Scheyvens et al., 2021). Indigenous entrepreneurs in Malaysia come from various backgrounds, including
the Orang Asli, the coastal Bajau, and the Kadazan-Dusun (Abdullah et al., 2021). Indigenous entrepreneurs
in Malaysia are often involved in a variety of business activities, ranging from agriculture, fishing, and
small-scale manufacturing to retail and service-based businesses (Hanafiah et al., 2023).

Research has shown that there are gender-based differences in the type of businesses established by
indigenous entrepreneurs in Malaysia (Chow & Hock, 2021). Women are more likely to be involved in
agricultural and small-scale manufacturing businesses, while men are more likely to be involved in fishing,
retail, and service-based businesses (Mkuna et al., 2021). This is likely due to the traditional gender roles
that are often observed in indigenous communities in Malaysia, where women are often expected to be
involved in domestic activities such as agricultural and small-scale manufacturing (Jabeen et al., 2020),
while men are expected to be involved in activities such as fishing and retail (Jang et al., 2021). In addition,
research has also shown that women are more likely to be involved in informal businesses, while men are
more likely to be involved in formal businesses (Aljarodi et al., 2022). This is likely due to the fact that
women often lack access to formal business opportunities, as well as the traditional gender roles that are
often observed in indigenous communities in Malaysia.

The type of business that indigenous entrepreneurs start is an important factor in economic development.
In order to maximize economic growth and development in Malaysia, it is important for the government to
create an environment that is conducive to the growth of all types of businesses, including those that are
traditionally seen as “low-status” or “women’s work” (Boshmaf & O'Keeffe, 2022). This includes
providing access to capital and other resources, as well as creating an environment that is supportive of
entrepreneurship. The gendered perspective of indigenous entrepreneurship in Malaysia has been largely
overlooked in the research on economic development. This has resulted in an incomplete understanding of
the type of businesses that are established by indigenous entrepreneurs and their contribution to the
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Malaysian economy (Simpong et al., 2022). Thus, it is important to study the gendered perspective of
indigenous entrepreneurship towards type of business classification for economic development in Malaysia
in order to facilitate economic development.

Economics and businesses research area uses WEKA tool for solving many data mining and analysis
applications. WEKA is an abbreviation for Waikato Environment for Knowledge Analysis, which was
established at the University of Waikato in New Zealand in 1997 and is publicly available at
http://www.waikato.ac.nz/ml/weka and written in Java. WEKA may be utilised at a number of different
levels and has modules for data categorization and prediction accuracy (Attwal & Dhiman, 2020). The
major contribution of this paper was to extract useful classification machine learning algorithms accuracy
prediction based on dataset extracted from department of statistic, Malaysia platform, compare five
different machine learning algorithms that produce high accuracy on the selected dataset and identify the
best machine learning algorithms for classification or prediction of type of business among indigenous
entrepreneurs based on gender perspectives. Several different machine learning algorithms from two groups
namely Bayes and Rules have been selected to perform the analysis.

2. Related work

Malaysia is a country rich in cultural and ethnic diversity and is home to a number of indigenous
communities, each with its own unique cultural identity and economic practices. Indigenous entrepreneurs
form an important part of the Malaysian economy, providing a range of services and goods to the
population. In recent years, the Malaysian government has taken steps to promote indigenous
entrepreneurship through various initiatives and policies (Isa et al., 2021). However, the lack of empirical
data has prevented a detailed analysis of the gender perspective on indigenous entrepreneurship and its
economic implications for the country.

Understanding the gendered perspective of indigenous entrepreneurship in Malaysia is important for the
development of type of business classification. Business classification is an important tool for
policymakers, as it allows them to better understand the type of businesses that are established by
indigenous entrepreneurs and their contribution to the Malaysian economy (Derani et al., 2023). Type of
business classification can also help to identify potential areas of intervention, such as providing access to
formal business opportunities for both type of genders (Osunmuyiwa & Ahlborg, 2019). Indigenous people
have been engaged in business activities for centuries, with traditional business models focusing on barter
and trade, family and communal ownership, and sustainability and resource management (Ensign, 2023).
Barter and trade were the primary means of exchange among indigenous communities, with goods and
services being exchanged for other goods and services (Finau & Scobie, 2022). Family and communal
ownership were also prevalent, with families and communities owning and managing businesses
collectively (Tretiakov et al., 2020).

Indigenous entrepreneurship has gained increasing attention in recent years as a means of promoting
economic development and preserving cultural traditions. However, little attention has been paid to the
gendered dimensions of indigenous entrepreneurship, particularly with regards to the types of businesses
that are preferred by Indigenous women entrepreneurs (Croce, 2020). Traditional gender roles have played
a significant role in shaping indigenous entrepreneurship. Historically, men and women in indigenous
societies have had distinct roles and responsibilities, with men often being responsible for hunting, fishing,
and trading, while women were responsible for gathering, processing food, and raising children (Bonvillain,
2020). These gendered roles have had a significant impact on access to resources and opportunities for
entrepreneurship. For example, women may have limited access to capital and resources due to the gendered
division of labor, which can make it more difficult for them to start and grow businesses (Kabeer, 2021).
The gendered perspective of indigenous entrepreneurship towards type of business is a fascinating topic
that has been gaining attention in recent years. Indigenous entrepreneurs represent a unique group of people
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who are often neglected or overlooked in the business world (Onwuegbuzie & Mafimisebi, 2021), yet they
create jobs, stimulate economic growth, and bring innovative ideas and services to their communities.
Indigenous entrepreneurship is an important way for indigenous people to gain economic independence,
create wealth, and have a positive impact on their communities.

Indigenous entrepreneurs face particular challenges as a result of their unique cultural, social, and
economic circumstances. Many indigenous entrepreneurs lack access to capital, lack business acumen, and
often lack access to resources and networks that would help them succeed (Parhankangas & Colbourne,
2023). In addition, indigenous entrepreneurs may face discrimination and prejudice based on their race or
culture (Shirodkar, 2021). Indigenous entrepreneurs tend to pursue different types of businesses, depending
on the type of community they live in. In rural and remote indigenous communities, businesses tend to be
focused on traditional activities such as hunting, fishing, and gathering (Micelotta, 2022). In urban
indigenous communities, businesses tend to focus on services, such as technology, media, and consulting
(Akbar & Hallak, 2019). Despite the fact that indigenous women are more likely to start businesses than
indigenous men, indigenous women are vastly underrepresented in the business world (Cukier et al., 2022;
Parmenter & Drummond, 2022).

It is essential to understand the unique challenges and opportunities faced by indigenous entrepreneurs
in order to provide them with the support and resources needed to succeed. Research must be conducted to
understand the experiences of indigenous women entrepreneurs, the types of businesses they pursue, and
the challenges they face. The gendered perspective of indigenous entrepreneurs in Malaysia regarding the
type of business for economic development can be influenced by various factors, including cultural norms,
societal expectations, and individual aspirations (AlMehrzi et al., 2023). It is essential to recognize that
gender perspectives are not static and can vary widely among individuals within indigenous communities.
To promote economic development among indigenous entrepreneurs in Malaysia, it's important for
policymakers and support organizations to be inclusive, addressing the specific needs and aspirations of
both male and female entrepreneurs while respecting cultural diversity and gender equality. Additionally,
providing access to education, training, and resources can help empower indigenous entrepreneurs to
choose and succeed in the businesses that align with their goals and abilities.

3. Methodology

Popular open-source data mining tool, WEKA was used to carry out the experimentations and
implementation of the data analysis to classify the accuracy of the dataset by applying different machine
learning algorithms approaches and top five accuracy of the machine learning algorithms were selected for
comparison. WEKA data mining techniques used were Explorer and Experimenter. Explorer features such
as classify and visualize were applied to the dataset for the classification analysis. Experimenter were used
to open the csv file downloaded to be readable by explorer for further analysis. Five machine learning
algorithms that produces highest accuracy were selected for the classification or prediction of the type of
business among indigenous entrepreneurs. These five algorithms were used to represent, utilize and learn
the statistical knowledge to achieve significant results.

3.1 Datasets

For classification of machine learning algorithms, a dataset extracted from department of statistic,
Malaysia at https://beta.data.gov.my/data/zh_CN/dataset/senarai-usahawan-orang-asli-mac-2018. As
shown in Appendix, Figure 1 and 2 shows a description of indigenous entrepreneur types of business in
Malaysia for the year of 2018 that contains seven attributes and 1000 instances both in MS Excel and
WEKA viewer respectively. Table 1 describes the attributes of dataset which presented in Appendix (Figure
1 and Figure 2).
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Table 1: Description of dataset attributes.

Attributes Description Data type Label
Year The current year of data collected Nominal 2018
Gender Gender of the respondent Nominal Male
Female
State State of the respondent Nominal Johor, Kelantan, Melaka, Negeri
Sembilan, Pahang, Perak, Selangor
District District belongs to the state Nominal 58 districts listed in the database
Village Village of the respondent Nominal 282 different villages listed in the
database
Parliament Parliament responsible for the village or  Nominal 71 distinct values listed in the database
district
Type of Business Type of business that the entrepreneurs  Nominal Food Industry
currently registered Non-food Industry

Retail Industry
Service Industry

4. Experiment and Results

The experiment using the data mining machine learning algorithms classifiers were used to display the
results. All machine learning from bayes and rules group of classification features have been tested to the
selected dataset and the top five accuracy of the machine learning algorithms have been selected for further
analysis such as comparison and precision levels to measure the performance of the machine learning
classifiers. The dataset has been divided into two different subsets of data based on gender for further
analysis.

4.1 Exploratory Data Analysis

Exploratory data analysis was performed to gain insights of the selected dataset by creating the
visualizations like histograms to understand the data's distribution and relationships. The objective of the
analysis is to understand the economic implications of indigenous entrepreneurship in Malaysia, with a
focus on the differences between male and female entrepreneurs. The data used in this analysis was obtained
from the Malaysian Department of Statistic. The dataset consists of information on indigenous
entrepreneurs in Malaysia, including demographic data and type of business. The analysis was conducted
using descriptive statistics with the aim of understanding the differences between male and female
entrepreneurs in Malaysia. As shown in Figure 3 until Figure 6 in Appendix section, there were four
different types of businesses conducted by indigenous entrepreneurs namely retail industry represented in
turquoise colour, food (blue), retail (cyan) and service industry (red). The result shows that majority of the
indigenous entrepreneurs dominate the retail industry type of business with 450 occurrences (45%),
followed by food industry 222 (22.2%), service industry 202 occurrences (20.2%) and non-food industry
126 occurrences (12.6%). Figure 4 depicts the screenshot of gender attributes which reflect the main
objective of this study to discover gender perspectives that will influence the type of business among
indigenous entrepreneur’s graphical user interface, the Explorer. The results of the analysis show that the
majority of indigenous entrepreneurs in Malaysia are male. Of the total number of entrepreneurs, 62% are
male and 38% are female. This gender disparity is also reflected in the type of businesses, with the majority
of businesses owned by male entrepreneurs being in the retail sector with 233 occurrences (37.6%),
followed by service 171 occurrences (27.6%), service 153 occurrences (24.7%) and non-food 63
occurrences (10.1%) as shown in Figure 5. Similarly, as shown in Figure 6, the majority of businesses
owned by female entrepreneurs are in the retail sector with 217 occurrences (57.1%), but in contract
followed by food 69 occurrences (18.1%), non-food 63 occurrences (16.6%) and service 31 occurrences
(8.2%).
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This exploratory data analysis of a dataset related to gender perspective of indigenous entrepreneurship
towards type of business classification has revealed important differences between male and female
entrepreneurs in Malaysia. The analysis has shown that both male and female entrepreneurs are more likely
to own businesses in the retail industry. This suggests that indigenous entrepreneurs in Malaysia are at a
disadvantage when it comes to exploring other areas of economic development. Therefore, it is important
for the Malaysian government to take steps to promote economic opportunities for indigenous entrepreneurs
in order to ensure inclusive economic development in the country.

In conclusion for the exploratory data analysis, as shown in Figure 7, overall attributes were dominated
by retail industry represented with cyan color either in 7 different states, districts, or parliaments.

& Al attributes - x
Year Gender State District
1000 20 223

___ 11 P A

Village Parliament Business Type

H |.JL|..|..L I . . S

Figure 7: Screenshot of all attributes related to type of business among indigenous entrepreneurs.

itk ]l 1

Too mary values to display

5. Classification Machine Learning Algorithms

As the world becomes increasingly connected and technology becomes more advanced, it is becoming
increasingly important to consider the gender perspective when it comes to economic development in
Malaysia. With the rise of machine learning algorithms, it is possible to gain insight into how different
types of businesses can benefit from a gender perspective. By understanding the different types of
businesses, their potential for economic growth, and how they might be affected by gender-based
differences, organizations in Malaysia can better understand how to create an equitable and profitable
environment for all. The data was then analyzed using machine learning algorithms. The algorithms used
included BayesNet and NaiveBayes from bayes group and Decision Table, OneR and PART from rules
group of WEKA classifiers. Figure 8 until Figure 14 shows the accuracy of these five algorithms showing
good accuracy ranges from 70.6% until 84.3% for in overall. Table 2 shows the summary of accuracy and
precision percentage for the five selected machine learning algorithms divided into three categories namely,
overall dataset, male and female for further analysis. For male category, the accuracy ranges from 72.6%
until 86.2% while for female, the accuracy ranges from 79.7% until 90.3%. In overall, all five algorithms
fit with the selected dataset. These algorithms can help to identify patterns in data that can provide insight
into how different types of businesses are affected by gender-based differences. By understanding these
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differences, organizations can better understand how to create an environment that is equitable and
beneficial for all.

Table 2: Summary of Classification Results.

Category Group Algorithms Accuracy Precision (%)
Overall Bayes BayesNet 72.8 74.1
NaiveBayes 70.6 714
Decision Table 83.5 84.5
Rules OneR 80.9 82.6
PART 83.9 84.7
Male Baves BayesNet 76.5 77
Y NaiveBayes 726 732
Decision Table 83.5 83.6
Rules OneR 85.3 86.2
PART 7.7 80.4
Female BayesNet 82.4 83.5
Bayes NaiveBayes 79.7 80.7
Decision Table 89.7 90.3
Rules OneR 89.5 89.5
PART 83.9 84.6

5.1 Bayes Network (BayesNet)

Bayes Network(BayesNet) learning using various search algorithms and quality measures. Bayes

Network learning algorithms are a type of machine learning algorithm that utilizes probabilistic models to
identify patterns and relationships in data. These algorithms use a set of variables, or nodes, to capture the
relationships between the variables (gender, state, village, parliament, year, district) and the target class
(type of business). The Bayes Network learning algorithms have been used in a variety of applications,
including classification, clustering, and prediction. The algorithms can identify patterns and relationships
between the variables used and the target class as shown in Figure 8 with the accuracy of 72.8%. This could
provide valuable insight into the gender perspective of indigenous entrepreneurs and their contribution to
economic development in Malaysia.

Figure 8: Screenshot view of BayesNet algorithm from bayes group.
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5.2 NaiveBayes

Naive Bayes is a machine learning algorithm that is often used in the field of data mining and predictive
analytics. It is based on the Bayes’ theorem, which provides a method for calculating the probability of an
event occurring, given certain conditions. This algorithm is popularly used for classification tasks, where
the goal is to determine the probability of a given outcome (type of business), given a set of input data
points (year, gender, state, district, village and parliament). The results of the analysis show that the Naive
Bayes algorithm was able to accurately classify the gender perspective of indigenous entrepreneurs in
Malaysia, as it relates to their type of business. The algorithm was able to accurately classify the gender
perspective in over 70.6% of cases as shown in Figure 9. This demonstrates the potential of this algorithm
in helping to better understand the gender perspective of indigenous entrepreneurs in Malaysia, as it relates
to their type of business.

&) Weka Explorer a

Preprocess Classify Cluster Associate Select attributes Visualize Forecast
Ciassifier
Choose  ZeroR

Test options Cassifier output
@) Use training set Summary
_) Supplied test set

) Cross-validation
() Percentage spiit

More options...

(Nom) Business Type

Start
=== Detailed Accura

Result st (right-click for options)
06:22:08 - bayes BayesNet
06:22:25 - rules DecisionTable
06:22:34 - rules.OneR

06:22:42 - rules PART

Status

oK o | g 0

Figure 9: Screenshot view of NaiveBayes algorithm from bayes group.

5.3 Decision Table

Decision table learning algorithms involve the use of data sets that contain information about the
decision-making process of individuals, such as their gender and the type of business they are engaged in.
By analyzing this data, the algorithms can identify patterns in the decision-making process and classify
them accordingly as shown in Figure 10 with the accuracy of 83.5%. This helps in understanding the gender
dynamics of the indigenous entrepreneurs in Malaysia and how their activities contribute to the nation’s
economy.
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Figure 10: Screenshot view of Decision Table algorithm from rules group.

5.4 OneR

The OneR learning algorithms use data from a set of independent variables to classify a new set of data.
This method allows for a more comprehensive analysis of the gender perspective of the type of business
among indigenous entrepreneurs. As shown in Figure 11, the accuracy of 80.9% showing that this model
is good and fit to classify the gender perspective of the type of business among indigenous entrepreneurs.
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Figure 11: Screenshot view of OneR algorithm from rules group.
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5.5 PART

PART (Partial C4.5 Decision List) class for generating a PART decision list. This uses a separate and
conquer approach to build a partial C4.5 decision tree in each iteration and makes the 'best’ leaf into a rule.
The PART class can help to identify the gender perspectives and create a decision list that will help to
ensure that the decisions made are the best for the business’s success. As shown in Figure 12, the accuracy
of the dataset using this algorithm produced 83.9% which is also good and fit model.
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Figure 12: Screenshot view of PART algorithm from rules group.
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Figure 13: Classification accuracy based on top five machine learning algorithms accuracy for overall

dataset
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Figure 14: Classification accuracy based on top five machine learning algorithms accuracy for male and female
dataset.

Based on Figure 14, it shows that female dataset has better accuracy as compared to male and both
categories generate good accuracy.

6. Discussion and Conclusion

The main objective of this paper is to classify the type of business based on gender perspectives using
WEKA data mining tool. Five machine learning algorithms have been selected from two groups namely
bayes and rules the generate highest accuracy among other machine learning algorithms. Retail industry
type of business dominated the result for both male and female followed by food industry, service and non-
food industry respectively. The world's increasing interconnection and technological improvement need the
inclusion of gender views in economic development. Machine learning algorithms such as BayesNet,
NaiveBayes, Decision Table, OneR, and PART can help firms understand how to gain from a gender
perspective. Organizations may build an equal and prosperous environment for everybody by
acknowledging these variances. The accuracy of these algorithms spans from 70.6% to 84.3%, with male
categories doing better (72.6% to 86.2%) and female categories performing better (79.7% to 90.3%). These
algorithms may find trends in data that give insight into how gender inequalities effect various industries,
allowing organizations to establish an equitable and advantageous workplace. The gendered perspective
of indigenous entrepreneurship has been a topic of increasing interest in both academic and practical fields.

Food businesses are those that produce, process or distribute food products. This includes restaurants,
cafes, fast-food outlets, and other food-related businesses. Research has found that indigenous women are
more likely to engage in food-related businesses than Indigenous men (Phillipps, 2021). This is likely due
to the traditional role of women in Indigenous communities as primary providers, which includes food
production and preparation. Non-food businesses are those that do not involve food products. This includes
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businesses related to manufacturing, construction, agriculture, and other non-food related activities. Studies
have found that indigenous men are more likely to engage in non-food related businesses than Indigenous
women (Leakey et al., 2022). This is likely due to the traditional role of men in indigenous communities as
protectors and providers of resources, such as land, which can be used for non-food businesses.

Retail businesses are those that involve the sale of goods and services to customers. This includes retail
stores, online stores, and other types of businesses that involve selling products to customers. Research has
found that indigenous women are more likely to engage in retail businesses than indigenous men (Yap et
al., 2023). This is likely due to the traditional role of women in Indigenous communities as caretakers and
traders, which includes the selling of goods and services. Service industries are those that involve providing
services to customers. This includes businesses related to health care, education, tourism, and other
services. Studies have found that indigenous men are more likely to engage in service industries than
Indigenous women (Schirle & Sogaolu, 2020). This is likely due to the traditional role of men in Indigenous
communities as leaders, which includes providing services to the community.

The implications of exploring the gendered perspective of indigenous entrepreneurship are significant.
For example, it provides insight into the types of businesses created and operated by Indigenous people,
which can help identify potential opportunities for business growth. Additionally, understanding the
traditional roles of women and men in Indigenous communities can help inform policies and practices that
support ndigenous business development and growth. Overall, exploring the gendered perspective of
indigenous entrepreneurship has important theoretical implications for the four types of business
classification that are grouped into food, non-food, retail and service industries. This research can help
identify potential opportunities for business growth, while also providing insight into the traditional roles
of women and men in indigenous communities.

The gendered perspective of indigenous entrepreneurship in Malaysia is an important but largely
neglected area of research. This has resulted in an incomplete understanding of the type of businesses that
are established by indigenous entrepreneurs and their contribution to the Malaysian economy. Thus, it is
important to study the gendered perspective of indigenous entrepreneurship towards type of business
classification for economic development in Malaysia. Type of business classification can help to identify
potential areas of intervention, such as providing access to formal business opportunities for women, which
can help to facilitate economic development. The application of WEKA can be extended further to other
economic field of indigenous community with different attributes or determinants contributing to their
economy such as demographic profiling of the community. Furthermore, other variables such as external
and internal environments of business also very useful for data analysis to gain insightful information.

Indigenous entrepreneurship has unique challenges and opportunities, especially when it comes to type
of business classification. Indigenous communities around the world have traditionally been marginalized
and excluded from the global economy, leaving them with limited access to capital, resources, and business
opportunities (Bennett et al., 2021). Despite this, many indigenous communities have developed successful
businesses and contributed to their local economies. When it comes to type of business classification,
indigenous entrepreneurs face a unique set of challenges. This is due to the fact that Indigenous
communities have a long and complex history of being excluded from traditional economic systems
(Hoicka et al., 2021). As a result, indigenous entrepreneurs often have different needs and perspectives than
other entrepreneurs. The challenge of type of business classification for indigenous entrepreneurs is to
develop a system that is both comprehensive and appropriate for their particular needs. While traditional
business classification systems typically categorize businesses into four categories (food, non-food, retail,
and service industry), this isn’t necessarily the best approach for indigenous entrepreneurs.One way to
address this challenge is to explore the gendered perspective of indigenous entrepreneurship towards type
of business classification. By taking a gendered approach to business classification, indigenous
entrepreneurs can identify and address the unique needs and perspectives of their communities.For
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example, indigenous women may be more likely to pursue businesses in the service industry, while
indigenous men may be more likely to pursue retail and non-food businesses (Gupta et al., 2023). By taking
a gendered approach to business classification, indigenous entrepreneurs can identify opportunities and
resources that are more tailored to their particular needs.

In addition, exploring the gendered perspective of indigenous entrepreneurship towards type of business
classification can also help indigenous entrepreneurs identify potential sources of funding and resources.
For example, indigenous women may be more likely to receive funding from public and private
organizations that focus on women’s economic empowerment (Field et al., 2021). By understanding the
gendered perspective of indigenous entrepreneurship, indigenous entrepreneurs can identify potential
sources of funding and resources that could help them meet their business goals. Overall, exploring the
gendered perspective of indigenous entrepreneurship towards type of business classification can help
indigenous entrepreneurs identify opportunities and resources that are tailored to their particular needs. By
doing so, indigenous entrepreneurs can gain access to capital and resources that could help them create
successful businesses and contribute to their local economies.

By leveraging machine learning algorithms, organizations can gain insight into how different types of
businesses can be affected by gender-based differences. This information can help organizations in
Malaysia to create an equitable and profitable environment for all. By understanding the different types of
businesses and the role they play in the Malaysian economy, and by understanding how gender-based
differences can affect different businesses, organizations in Malaysia can create policies that promote
economic growth while also promoting gender equality. For future research, in addition to helping to
identify differences between businesses, machine learning algorithms can also be used to identify
opportunities for economic growth. For example, one algorithm may be able to identify businesses that
could benefit from the promotion of women in leadership roles. By understanding these opportunities,
organizations can create policies that promote gender equality while also increasing economic growth.
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Figure 2: Screenshot view of selected dataset in WEKA viewer (arff) format.
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